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1 Introduction

The role of partisan identity in voter choice was discussed as early as Campbell et al. (1960). But

not until much later was its importance for daily life seriously considered when Green et al. (2004)

argued that “party identification is a genuine form of social identification.” Since then, a large and

growing body of survey evidence suggests Americans increasingly loathe those of the opposite polit-

ical party (Gentzkow, 2016; Iyengar et al., 2019; Iyengar and Westwood, 2015; Kalmoe and Mason,

2019; Mason, 2015). How this resentment between parties, a phenomenon called affective polar-

ization, influences real economic decisions is still being investigated. While extant work finds that

polarization affects marriage and labor market decisions (Colonnelli et al., 2020; Gift and Gift, 2015;

Huber and Malhotra, 2017; Iyengar et al., 2018; McConnell et al., 2018), evidence on the relevance

and importance of neighbors’ politics for residential relocation has proved challenging to identify.

Indeed, identifying the relevance and importance of any neighbor characteristic for residential

relocation has proved difficult since households who value similar amenities, and likely also share

demographic characteristics, choose to co-locate. This endogeneity means we may observe residents

moving away from out-group arrivals not because of a distaste for the neighbors themselves, as in

Schelling (1969, 1971), but because the arrival of new neighbors with new preferences often goes

hand in hand with changes in neighborhood amenities (Tiebout, 1956). Consequently, identifying

that neighbor characteristics matter, and thus that the neighbors themselves matter over and above

the neighborhood, requires extraordinarily granular and detailed data.

We overcome this significant challenge by building a parcel-level panel data set that includes rich

homeowner demographic characteristics, including political party affiliation. Using a novel identi-

fication strategy, we show that current residents’ relocation decisions are affected by their nearest

neighbors. Specifically, current residents are between 5.4% and 7.8% more likely to move out within

two years of the arrival of a new opposite-party neighbor in a house either next-door or two-doors

down (hereinafter nearest neighbors or nearby neighbors) compared to other current residents in

the same census block group who also got new nearby neighbors, but whose new neighbors were not

affiliated with the opposite party. Our contributions are twofold. First, we provide clean empirical

evidence in support of Schelling (1969) that immediately adjacent neighbors and their characteris-

tics – Schelling (1969) lists “sex or age or religion or color or whatever the basis of segregation is”
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(page 144) as potentially relevant characteristics – affect relocation decisions. Second, by investi-

gating the role of a new characteristic, political af�liation, we contribute novel evidence of affective

polarization's importance for real economic decisions in the United States.

The claim that affective polarization is driving Democrats and Republicans to move away from

each other has been contentious since �rst hypothesized (Ansolabehere et al., 2006; Bishop, 2009;

Glaeser and Ward, 2006; McGhee and Krimm, 2009). On the one hand, political segregation has been

documented at many geographies, 1 and, when surveyed, households voice a preference for living near

co-partisans (Gimpel and Hui, 2017, 2015; Mummolo and Nall, 2017). On the other hand, evidence

from surveys and even low-stakes �eld experiments might just re�ect “expressive voting” or “political

cheerleading” (Bullock et al., 2015; Prior et al., 2015). Indeed, prior empirical work refutes the idea

that affective polarization affects household relocation and concludes, instead, that any observed

sorting by party is a side effect of co-partisan households valuing similar neighborhood attributes

(Martin and Webster, 2020; Mummolo and Nall, 2017). 2 In this paper, we contribute new evidence

to the debate that makes use of extraordinarily �ne (publicly available) data that details households'

move-out decisions and political af�liations, and the political af�liations of each of their neighbors.

This �ne data also allows us to explore the role, more broadly, of households' very closest neigh-

bors in their relocation decisions. One in�uential literature investigates the role of large neighbor-

hood neighbors, where households might be said to have thousands of neighbors, on relocation (Bayer

et al., 2014, 2007; Bayer and McMillan, 2012; Boustan, 2010; Card and DiNardo, 2000; Card et al.,

2008; Cutler et al., 1999; Wong, 2013). At the same time, a second, independent literature on neigh-

bor peer effects has documented that current residents are indeed in�uenced by their hyperlocal

neighbors when making decisions about car purchases (Grinblatt et al., 2008), investment property

purchases (Bayer et al., 2021), mortgage re�nancing (McCartney and Shah, 2019), job choice (Bayer

et al., 2008), foreclosure (Gupta, 2019; Towe and Lawley, 2013), borrowing (Agarwal et al., 2020),

and new technology adoption (Bollinger and Gillingham, 2012). But no work has yet, to the best of

our knowledge, combined these two strands of inquiry and investigated whether nearest neighbors

1Evidence of political sorting has been documented at the congressional district level (McDonald, 2011), county level
(Lang and Pearson-Merkowitz, 2015), ZIP code level (Cho et al., 2013), precinct level (Kinsella et al., 2015; Myers, 2013;
Sussell, 2013; Walker, 2013), and 1,000-person neighborhood level (Brown and Enos, 2021).

2Gimpel and Hui (2017) call these two types of sorting intentional, if driven by a taste for neighbors' politics in manner
of Schelling (1969), and inadvertent, if the sorting is merely a side effect of correlations between preferences for amenities
and political af�liation, in manner of Tiebout (1956).
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have out-sized effects on move-out decisions. 3

We merge CoreLogic Solutions Real Estate data and North Carolina voter registration data to

build a panel data set that covers homeowners in North Carolina who were registered to vote for

at least one election between 2006 and 2014. We use mailing addresses and precise geolocations to

identify properties that are exactly next door to each other. Our �nal parcel-by-quarter panel data

set covers owner-occupied, single-family homes and details owners' political af�liations and the po-

litical af�liations of their nearby neighbors. Our data set has two advantages. First, identifying the

effects of nearby neighbor sorting (Schelling, 1969) separately from neighborhood-amenity sorting

(Tiebout, 1956) almost by de�nition requires parcel-level data. That is, in order to control for the

effects of amenities, and thus absorb relocation decisions made for Tiebout-style reasons, we need

to include very �ne geography-by-time �xed effects. 4 This consequently necessitates treatment as-

signment to occur at a level more granular than local neighborhood, regardless of the what speci�c

geography is being used to de�ne neighborhood. Second, our long time series means we can observe

new households arrive and current residents leave. This is important since households with strong

preferences for nearby neighbors have likely already moved away and any purely cross-sectional test

will therefore be dif�cult to interpret.

Our identi�cation strategy leverages the richness and granularity of our data set by comparing

current residents who got new nearby neighbors of the opposite political party to other current resi-

dents in the same neighborhood who also got new nearby neighbors, but not of the opposite political

party. The test's identifying assumption is that, conditional on a battery of control variables and

�xed effects, 5 new neighbors are randomly assigned to current residents. In other words, we assume

that neighborhood-level characteristics and changes to them are shared by the current residents in

the same census block group who had homes nearby go up for sale. What differs between them is

only the political af�liations of the new neighbors that move in. The result of this test yields our

headline result: Among households who got new nearby neighbors, households whose new neighbors

3One exception is Linden and Rockoff (2008) who show that current residents move out when registered sex offenders
move in nearby.

4A number of neighborhood-level amenities affects households' relocation decisions including school quality (Black,
1999), criminal activity (Linden and Rockoff, 2008), pollution (Banzhaf and Walsh, 2008; Bayer et al., 2009), and access to
public transportation (Glaeser et al., 2008).

5Our main speci�cations include a number of control variables – homeowner party, race, age, birth state, and tenure;
neighbor race and an interaction between homeowner and neighbor race; property size and age; hyperlocal churn; and
block-level political make-up – and either block group-by-quarter �xed effects or block group-by-quarter-by-party-by-race
�xed effects.
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were of the opposite political party are .35 percentage points, or 5.4%, more likely to move out within

two years than households whose new neighbors were not of the opposite party. 6

We conduct a number of robustness tests to con�rm our main result is not driven by differences

or changes in hyperlocal amenities – those operating at levels more granular than block group and

therefore not absorbed by our preferred speci�cation – that attracts some types of households while

simultaneously pushing away others. First, we investigate the timing of current residents' move-

outs. We �nd that getting a new opposite-party nearby neighbor does not immediately make current

residents relatively more likely to move. It is not until more than a year has passed that the move-out

rates begin to diverge signi�cantly. If some hyperlocal amenity was attracting members of one party

while pushing away members of the other party, we would observe current residents who got opposite

party neighbors immediately (and spuriously) being more likely to be move away. However, we do

document a time delay. The importance of neighbors is a better explanation for this result than

a hyperlocal amenity story since current residents will not learn they dislike their new neighbors

right away (and listing and selling a home takes time), but would presumably already be aware of

the hyperlocal amenity or disamenity that attracted the new neighbor in the �rst place.

Second, we re-estimate our main model, but allow the effect of getting a new opposite-party

nearby neighbor to vary based on how close, precisely, the new neighbor lives to the current resident.

If changes in local amenities were systematically pushing away some types of residents, we would

expect all current residents who get opposite party nearby neighbors to be similarly (spuriously)

affected by the arrival of the new neighbor, regardless of precisely how nearby the new neighbor

lives. Instead, we �nd that it is in cases where the new neighbor moves in especially close by, less

than 80 feet (0.015 miles), that getting an opposite-party neighbor has the most consequential effects

on current resident move-outs. This �nding is most consistent with current residents preferring not

to live very nearby to neighbors af�liated with the opposite party, but a buffer of 80 feet or more

being enough to limit the negative effects.

Our third test is similar and compares households that got new opposite-party nearby neighbors

to a new control group: current residents in the same census block who did not get new nearby

neighbors. This test therefore compares current residents who both got the same new block-neighbor,

6Our main outcome variable of interest is whether or not a household sold their home in the two years following the
new neighbor's arrival. We will refer to this interchangeably as moving, moving out, leaving, selling, and relocating.
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but vary in precisely how near they live to that new neighbor. In our preferred speci�cation for this

second test we �nd that, compared to other same-party, same-race households on the same block,

the current resident living next to the new neighbor is 0.33 percentage points, or 5.5%, more likely

to leave within two years. Thus, a hyperlocal amenity-change explanation would require amenities

that (i) systematically attract just one party's members and (ii) are so hyperlocal in nature that

they differentially affect even households living on the same block. While such hyperlocal amenities

might well exist, recall that the amenity would have to be known to new arrivals before moving in

but somehow unknown to current residents, to explain the timing result. And from previous results,

it would also have to be relevant only for parcels where nearby neighbors live less than 80 feet

away. Instead, we believe our results are more consistent and better explained by new neighbors,

themselves, affecting the move-out rates of current residents.

So far, we have used the political af�liation of current residents and their new nearby neighbors

to provide evidence that neighbors themselves, over and above their correlation with neighborhood-

level amenities, affect residential relocation decisions. One limitation of our data is that we cannot

say whether households are averse to out-party neighbors because they differ in who they voted

for, per se, or because they have different views on topics such as the Tax Cuts and Jobs Act, the

#MeToo movement, or mask wearing during viral pandemics. However, since political party, views

on immigration, abortion, gun control, and vaccinations, preferred television shows, and even coffee

preferences are so strikingly correlated (DellaPosta et al., 2015), we treat political af�liation as a

bundled package. In this paper, we leave the underlying factors that drive partisan bias and af-

fective polarization inside a black box. Instead, we point to recent surveys that �nd evidence of

extraordinary partisan hostility. For example, 28% of Americans respond that they would be some-

what upset or very upset if their child were to marry someone from the opposite party. 7 Even more

alarmingly, 15% percent of respondents in a different survey answered “yes” when asked, “Do you

think we'd be better off as a country if large numbers of [opposing party] in the public today just

died?” (Kalmoe and Mason, 2019). We attribute our main result to this clear distaste for members of

the opposite party – whatever its precise underlying causes. To support our claim that moving away

from opposite-party nearby neighbors is driven in part by affective polarization and a preference for

co-partisan neighbors, we provide two more pieces of evidence.

7Source: https://docs.cdn.yougov.com/t0hi1tcqs5/econTabReport.pdf.
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First, we use the voter history �le – a publicly available data set detailing all the elections each

registered voter participated in – to classify how politically involved households are. We say that

registered voters are partisan if they participated in more than 75% of the federal elections they

were eligible to vote in over the time period that we observe them. Knowing precisely how intensely

partisan each household is and how strong their distaste for those of the opposite party is not possible

with our data, but participation serves as a reasonable proxy since individuals holding consistently

liberal or conservative views, and antagonistic views of the other party, are among the most likely

to participate in elections. 8 We then ask how our documented effects vary by the partisanship of

the current residents and their new neighbors. If our main results are driven by preferences for

amenities or neighborhood characteristics correlated with political af�liation then we would expect

to see no difference between the effects that partisan and non-partisan neighbors have. We see the

opposite. Getting a new opposite-party nearby neighbor does not affect current residents' move-

out rates if that new neighbor is non-partisan. Our main �nding that households are more likely

to sell when an opposite-party neighbor moves in nearby is driven entirely by current residents

getting new opposite-party and partisan nearby neighbors. This result is consistent with households

preferring not to live near neighbors with opposite-party views and preferences when those neighbors

are especially likely to make them known.

Second, we investigate how the effects of opposite-party neighbors have changed over time. The

work on partisan identity and cross-party animosity has found these trends to be increasing sharply

between 2006 and 2015. Therefore, if partisan identity and affective polarization is the mechanism

behind our main �ndings, then we would also expect to see stronger reactions to opposite-party

neighbors over time. We �nd that the effect of new opposite-party nearby neighbors on current

resident move-out rates has more than doubled from the �rst half of the sample to the second.

Our paper makes several contributions. To the residential relocation literature we offer impor-

tant new empirical evidence: Current residents' very nearest neighbors, speci�cally, matter above

and beyond local neighborhood characteristics for relocation decisions. The importance of nearest

neighbors for relocation has long been assumed (Schelling, 1969), but has, to the best of our knowl-

edge, lacked the evidence necessary to disentangle it from the role played by neighborhood char-

acteristics and amenities (Tiebout, 1956). This paper contributes that evidence. To demonstrate

8Source: https://www.pewresearch.org/politics/2014/06/12/section-5-political-engagement-and-activism/.
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the special importance of nearest neighbors, we investigate a personal characteristic of growing im-

portance, political party af�liation. Our paper focuses explicitly on affective polarization – those

negative feelings that partisans feel toward people at the opposite end of the political spectrum –

and whether these feelings in�uence real economic decision-making. Extant work has documented

that affective polarization matters for labor and marriage markets (Colonnelli et al., 2020; Gift and

Gift, 2015; Huber and Malhotra, 2017; Iyengar et al., 2018; McConnell et al., 2018). But, again to the

best of our knowledge, this paper is the �rst to show that households' relocation choices are affected

by their neighbors' politics.

Finally, this paper contributes important evidence to those trying to understand increases in po-

litical segregation (Brown and Enos, 2021). In this ongoing work, a central challenge is disentangling

the roles of migration, entry and exit from the voter pool, changing individual-level political beliefs,

and sorting for any number of reasons that are merely correlated with political af�liation (see, for ex-

ample, Bishop (2009); Gimpel and Hui (2017, 2015); Martin and Webster (2020); Mummolo and Nall

(2017)). Indeed, households choose where to live for many, and varied, reasons. 9 We leave estimating

the relative importance of neighbor politics for current levels of political segregation to future work

and, for now, simply note that individual preferences do not have to be large to lead to high levels of

observed segregation in the long run (Clark, 1991; Schelling, 1971). Our reduced-form evidence on

the importance of nearby neighbors and their politics will help discipline future models of residential

choice and political segregation.

2 Data Description

2.1 The North Carolina Voter Data

We use voter registration data from the state of North Carolina to classify households' political af�l-

iations. The data set is free, available to the public and, unlike the voter data in many other states

which describes just those currently registered to vote, available in snapshot-form going back to

9For evidence on racial sorting see Bayer et al. (2014, 2004); Emerson et al. (2001); Ouazad and Rancière (2016).
Households are also known to sort by income (Brueckner and Rosenthal, 2009; Reardon and Bischoff, 2011) and education
(Bayer et al., 2007). At the same time, households choose neighborhoods for their school quality (Black, 1999), criminal
activity (Linden and Rockoff, 2008), pollution (Banzhaf and Walsh, 2008; Bayer et al., 2009), and access to public transit
(Glaeser et al., 2008).
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2005.10 In other words, we can observe everybody registered to vote at many speci�c points in time,

typically before major elections. The North Carolina State Board of Elections (NCSBE) includes in

the voter registration data not only the full name of each person registered to vote, but their complete

mailing address, age, race, sex, and state of birth. Furthermore, as these data are the of�cial record

of people eligible to vote, data entry errors, especially for the name and address �elds, are rare.

North Carolina is unusual in that its primary elections (those taking place in the spring before

the general elections) are semi-closed. This means that voters af�liated with a speci�c party can

vote only in that party's primary election while voters unaf�liated with any party can choose which

primary they want to participate in. Each voter can vote only in one primary per election. We classify

voters as members of a party as follows. If a voter is registered with a particular party we say she

is a member of that party. If a voter is of�cially unaf�liated with any party, but we see her vote in

one party's primary elections and only the primaries of that party, we say she is a member of that

party. Voters we never see af�liated with a party and who never vote in any primary are classi�ed

as unaf�liated. Finally, voters who are af�liated with more than one party over the time series are

classi�ed as multi-party.

2.2 The North Carolina Deeds Data

We supplement the North Carolina voter registration data with publicly available assessor and deeds

data obtained from the CoreLogic Solutions Real Estate data set. This data set contains information

on both transactions and home characteristics for all houses in the most populous North Carolina

counties (covering more than 90% of the state's population). Key variables we observe include precise

site address; latitude and longitude coordinates of the property; transaction date and type; names of

buyers, borrowers, and sellers (if applicable); year built; and building and land square footage. We

merge the deeds data with the North Carolina voter registration data by owner name and address in

order to create a quarterly panel at the parcel level. We make the assumption that the owner of each

matched home is a resident of the home. This is a largely innocuous assumption since voters are

registered at only one location in North Carolina at a time. Non-person owners such as investment

companies, banks, and trusts will never merge with the voter registration data so they will never be

in our estimation sample.

10These data can be found online at https://dl.ncsbe.gov/index.html.

9



2.3 Describing the the Final Sample

With this merged data set, we observe the owners of every property at the beginning of each quarter.

We use the party af�liation from the North Carolina voter registration data to assign a political

party to each home. For two-person households, we make some adjustments. Households where one

owner is unaf�liated but the other owner is af�liated with a party are assigned to that party. We

also classify homes as multi-party if the two owners are registered in opposite parties or if one of the

owners is multi-party. For the purpose of this study, we drop multi-party homes from our sample, as

we cannot unambiguously assign them to one of the two main parties, nor deem them unaf�liated.

We then identify the nearby neighbors for every parcel in North Carolina. Each household can

have up to two next-door neighbors and up to two two-doors down neighbors, but may have zero or

one of each. We start by using address conventions in the state of North Carolina. If two households

are on the same street and have consecutive even or consecutive odd house numbers then we conclude

that they are next door. The algorithm allows, for example, for 4100 and 4104 to be next door if no

4102 exists. We further require that two homes be within 0.10 miles to qualify as nearby. The �nal

sample is restricted to blocks with at least twenty registered voters in the given quarter, 11 and to

owners who have lived at least one year in their home and lived through an election.

The full merged sample includes over 27 million property-by-quarter observations between 2005

and 2015 in North Carolina. 12 The full sample covers 4,642 unique census block groups, each with

an average of 110 households. The 10 th percentile block group has 11 households and the 90 th has

264.

To conduct our new nearby neighbor analysis, we restrict the sample to current resident-quarter

observations where the current resident got a new nearby neighbor (either next door or two-doors

down). We also require that the new neighbor be in the merged sample so we can observe their po-

litical af�liation and race. In our main sample, we omit households who moved away in the quarter

immediately following the arrival of the new neighbor. Omitting these households does not mean-

ingfully alter the results (indeed, we investigate these “immediate movers” separately in their own

11Our Census block level covariates are constructed using all registered voters found in the NCSBE voter �les, which
includes renters, while the “households” we refer to are homeowners from the CoreLogic Solutions Real Estate who we suc-
cessfully match to the North Carolina voter registration data set. Households frequently contain more than one registered
voter.

12When we say quarter we mean year-quarter. For example, 2009Q1 corresponds to the days between January 1, 2009
and March 31, 2009.
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falsi�cation test), but the exclusion of current residents who moved out in the same or next quarter is

more consistent with examining the effects of the new neighbors themselves, since the selling process

often takes months from start to �nish. We also drop blocks with registered voter populations under

twenty, since random neighbor assignment is less likely, households who have not yet lived in their

homes for a year, since move-outs from this group are more likely to be the result of some unforeseen

emergency, and households who have not yet lived through an election, since neighbor partisanship

is usually more salient around elections. 13 Neither of these sample restrictions drops many house-

holds and we con�rm in robustness tests that they do not meaningfully affect our results. Finally, we

drop the last two years in the data because our outcome variable requires that we observe current

residents for at least two years following the arrival of the new neighbor. Table 1 summarizes this

sample.

[TABLE 1 HERE]

Our main sample is composed of 316,549 current resident-by-quarter observations where the

current resident got a new nearby neighbor. At any given point in time, 6.48% of these current

residents will have moved before two years has passed. And 24% of our sample got new neighbors

af�liated with the opposite party. We de�ne opposite party neighbor as a dummy equal to one if the

current resident is Democratic and the new nearby neighbor is Republican or vice versa. If either

the current resident or the new neighbor is unaf�liated with either major party, we say that the two

households are not opposite party.

3 The Identi�cation Strategy

To identify the effect of affective polarization on households' move-out decisions, we must overcome

two endogeneity problems. The primary concern is that the demographics of a neighborhood's res-

idents are highly correlated with the bundle of local amenities. We solve this problem by zooming

in, past the level of local amenities, all the way down to the parcel level. In this way, we compare

current residents who share the same bundle of local amenities, but whose nearest neighbors have

different characteristics. The second concern is that current residents with very strong preferences

13To isolate the effect of a particular new neighbor, we also drop observations where a current resident gets more than
one new nearby neighbor in the same quarter. This drops 1.24% of the pre-estimation sample.
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for neighbor-type may have already moved away, such that, at any point in time, a households' near-

est neighbors may not be randomly assigned, even conditional on very local geographies. We solve

this problem by using the arrival of new neighbors as a quasi-experiment. In section 3.1, we write

down the explicit model we estimate. And in section 3.2, we clarify our identifying assumptions.

3.1 The Empirical Strategy

We use a novel, new neighbor approach that compares two current residents living in the same

census block group who both got new nearby (next-door or two-doors-down) neighbors at the same

time. If affective polarization affects real economic decisions, then current residents whose new

nearby neighbors are af�liated with the opposite party will be more likely to move than current

residents whose new neighbors are not. Speci�cally, we estimate the following equation:

Sell Next Two Years i Ǣ £ New Neighbor Opposite Party i Å Controls i £ £ Å ´ group£ quarter Å ² i , (1)

where Sell Next Two Years i is an indicator variable ( Æ100) if household i sells their home in the two

years following the arrival of the new nearby neighbor. New Neighbor Opposite Party i is a dummy

(Æ1) indicating that household i 's new nearby neighbor is af�liated with the opposite party. We

control for the homeowner's age, birth state, race, party, and residential tenure; the size and age of

their residence; whether the new neighbor's race is different than theirs; the number of new nearby

neighbors they have ever gotten divided by their tenure (our measure of hyperlocal churn); and their

block's local politics (split into “blue”, “purple” and “red” blocks).

Since move-out rates vary across time and space, we include a census block group-by-quarter

�xed effect in our model speci�cation. The inclusion of these �ne �xed effect cells also allows us

to rule out neighborhood-amenity explanations for move-out rates. Households living in the same

census block group are in the same school district, are exposed to similar amounts of pollution, and

have similar access to public transportation. Neighborhood gentri�cation, or other neighborhood

changes that have a common effect on the move-out rates of people living in the neighborhood, will

therefore be absorbed and not bias our estimate of interest.

However, some amenities might have different effects on people af�liated with different politi-

cal parties. For example, access to public transportation might be particularly appealing to people
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af�liated with the Democratic party. This introduces a potential source of bias in a model that in-

cludes only a geography-by-time �xed effect if current residents' move-out rates vary by political

party in ways that are correlated with the new nearby neighbors' politics. A similar concern arises

if our model uses white residents as controls for Black residents. Fortunately, the richness of our

data allows for a simple solution. Thus, as an additional test, we replace the group-by-quarter �xed

effect with a group-by-quarter-by-party-by-race �xed effect. Our effect of interest is consequently es-

timated using only variation in the move-out rates of current residents in the same neighborhood, at

the same time, af�liated with the same party, and of the same race, but whose new, quasi-randomly

assigned neighbors have different political af�liations.

[FIGURE 1 HERE]

The granularity of our data combined with the inclusion in our model of very narrow �xed effect

cells means we can rule out amenity and gentri�cation-style stories and, in this way, advance the

literature on residential relocation by pinpointing the effect of neighbors, per se, over and above the

effects of neighborhood-level amenities and demographics. A trade-off of this speci�cation is that

some neighborhoods never conduct one of the quasi-experiments implied by our model. The test

requires, �rst, a mix of Democrats and Republicans to be living and moving into the neighborhood

and, second, that these residents be owner-occupants, not renters. Therefore, neighborhoods that are

either already highly politically segregated or predominately inhabited by renters are not included

in the �nal sample. Figure 1 shows which block groups in North Carolina ever had two current

residents of the same party and race who both get new nearby neighbors, one of whom is the same

party as the current resident and one of whom is not, at the same time. As expected, downtown

areas that are predominately renter-inhabited and very rural areas that are either already politically

segregated or sparsely populated are not included in the model estimations.

3.2 Identifying Assumptions

For our model to produce an unbiased estimate of the effect of interest, we make two related assump-

tions. First, we assume that, when comparing current residents in the same census block group of

the same party and race who got new nearby neighbors at the same time, the political af�liations

of their new nearby neighbors are as-if random. In this paper we argue for the validity of the as-
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sumptions in two ways. First, we reference the large body of work on neighbor peer effects that has

used multiple strategies to demonstrate that nearby neighbors are conditionally randomly assigned

(Agarwal et al., 2020; Bayer et al., 2021, 2008; Bollinger and Gillingham, 2012; Grinblatt et al., 2008;

Gupta, 2019; McCartney and Shah, 2019; Towe and Lawley, 2013). Second, we document a number

of secondary results that suggest a quasi-random neighbor assignment. One, we use a coarsened

exact matching technique (Iacus et al., 2011, 2012) to create a matched sample that ensures common

support between treated and control households and �nd effect sizes statistically identical to those

in our main test (Section 4.2.1). Two, we narrow our sample to the most homogeneous block-groups,

where random neighbor assignment is especially likely to occur, and again estimate similar effect

sizes (Section 4.2.2). And three, we show that the effect on current resident move-outs takes time

to materialize, inconsistent with forces that simultaneously attract some types of households while

pushing others away (Section 4.3).

We also implicitly assume that amenities are shared at the neighborhood level, while neighbor-

level effects operate at much smaller distances and affect only those households immediately nearby.

To be fair, one can conceive of hyperlocal amenities and disamenities with narrow footprints – a

�owering tree in the spring or a particularly low-grade area that �oods when it rains heavily – or

engaged neighbors with wide spheres of in�uence – a neighbor who rolls coal in a huge truck every

morning or a neighbor who works in the city manager's of�ce. The implications of these overlapping

and varying spheres of in�uence are twofold. First, our estimate on the importance of neighbors

themselves may be biased downwards if some of the bene�t of having the neighbor is shared by

everybody in the block group. Our estimate might also be biased upwards if households move towards

or away from particularly hyperlocal amenities and disamenities in a way that is both, one, correlated

with party af�liation and, two, known ex ante by searching households. Second, and in a manner very

related to the �rst assumption, if these hyperlocal amenities and disamenities are known ex ante

and in�uence new neighbors' location decisions, our �rst assumption of random parcel assignment

conditional on neighborhood might be violated. In some sense, our �ndings consistent with the

validity of the �rst assumption are also inconsistent with a world where hyperlocal amenities affect

arrivers' decisions. In this paper, while we acknowledge that there is surely overlap between the

spheres of in�uence that are neighbor driven versus neighborhood driven, our research design only

requires that neighbor spheres of in�uence be, on average, smaller than neighborhood spheres. To
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illustrate the validity of this claim, we preview some of our relevant secondary tests. One, the

repelling effect of new opposite-party neighbors is especially strong when the nearby neighbor moves

in especially close by, less than 80 feet, compared to nearby neighbors that move in to homes slightly

farther away (Section 4.4.1). And, two, an alternative strategy that matches treated households to

other households further away from the new neighbor but still on the same block – meaning that

control households share exposure to amenities smaller in geographic scope than those in our main

test – again �nds that being especially close to the neighbor matters (Section 4.4.2).

4 Main Result: Nearby Neighbors Affect Move-Outs

4.1 New Nearby Neighbors Affect Current Residents' Relocation Decisions

[TABLE 2 HERE]

We present the result of our main test in Table 2. 14 Current residents who get a new nearby

neighbor of the opposite party are 0.489 percentage points or 7.8% more likely to have sold their

home within two years of the new neighbor's arrival than other, demographically similar, current

residents in the same neighborhood who, at the same time, get a new neighbor not af�liated with the

opposite party.

As discussed in Section 3.1, our research design assumes that the treatment and control groups

are identical except for variation in the political af�liation of their new nearby neighbors. By includ-

ing a number of control variables and along with �ne geography-by-time �xed effects in the model,

we believe our control current residents provide an appropriate counterfactual for our treated cur-

rent residents. However, the estimate in column (1) does not do this perfectly since it compares, for

example, a Democrat getting a new Republican neighbor to a Republican getting a new Democratic

neighbor. Since Democrats and Republicans might have different base rates of leaving the neighbor-

hood, the latter is not an ideal control for the former. In column (2), we address the concern that

households with different party af�liations or of different races might have different rates of mov-

ing out, even within a tight neighborhood-by-quarter cell, by replacing the group-by-quarter �xed

effect with a group-by-quarter-by-party-by-race �xed effect. We �nd that, compared to households

14Table A1 presents the complete list of control variables and their estimates.
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who got new nearby neighbors not af�liated with the opposite political party, households in the same

neighborhood, af�liated with the same party, and of the same race, who, at the same time, got a new

nearby neighbor who was af�liated with the opposite party are 0.352 percentage points or 5.4% more

likely to have left within two years of the new neighbor's arrival.

4.2 Robustness of the Main Result

The main result presented in the previous subsection is the key piece of evidence for both of the

central conclusions of this paper. In this and following subsections, we conduct a number of tests

to (i) demonstrate the robustness of the main result and (ii) rule out the most likely alternative

explanation – that a correlation between hyperlocal amenities and getting new opposite-party nearby

neighbors is be behind our main result.

4.2.1 Matched Sample

The �rst concern we tackle is one of uncommon support between the treatment and control group

that invalidates our inference. Our �rst solution to this problem is to use a coarsened exact matching

methodology (Iacus et al., 2011, 2012) that helps reduce imbalances between treatment and control

current residents. In our version of this methodology, we require that every treated household –

those who got new opposite-party nearby neighbors – match to at least one control household – those

with new neighbors not af�liated with the opposite party. To be a valid match, treated and control

households must share the same census block group, party, and race and must both have gotten a new

nearby neighbor in the same calendar quarter. The upshot is that group-by-quarter-by-party-by-race

�xed effect cells that do not contain both a treated household and a control household are omitted

from the sample. This methodology ensures that our results in Table 2 are not driven by differences

in the support of the treatment and control groups. While this sample is smaller, re�ecting the

strict requirements of the match, it is one where we are particularly con�dent that the control group

provides a good counterfactual. The results, presented in Table 3 are similar in both economic and

statistical signi�cance to our main results.

[TABLE 3 HERE]

Speci�cally, we �nd that getting a new neighbor of the opposite party makes households .471
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percentage points (7.0%) or .432 percentage points (6.4%) more likely to have moved away within

two years of the new neighbor's arrival. This difference is estimated on a tightly balanced sample of

same-party, same-race, same-block residents who both got new nearby neighbors in the same quarter.

The only difference is the political party af�liation of those new neighbors. The bottom row tells us

that approximately 40% of the current residents in this matched sample got new neighbors of the

opposite party. This share is not precisely 50% because in some block-quarter-party-race cells there

are more than one treated resident and one control resident (for example, two treated residents and

three control residents).

To be a treated household requires getting a new nearby neighbor of the opposite political party.

That is, we say that a pair of next-door neighbors are opposite-party neighbors if, and only if, one is

Democrat and the other is Republican. Note that this means there are seven pairwise combinations

of Democrat, Republican, and unaf�liated households de�ned as not-opposite and used in Table 2

for estimating the main effect. In this matching methodology, though, all current residents are, by

construction, either Democrats or Republicans. Therefore, our results from Table 3 show that our

main results are robust to omitting unaf�liated households from the analysis.

4.2.2 Homogeneous Neighborhoods

One of our key assumptions is that within a census block group, new neighbors could have picked

any vacant house with equal probability. However, while census block groups are very small (a block

group has an average of 110 households in our sample), variation in hyerplocal areas within block

groups is still possible. Ideally, we would be able to absorb this hyperlocal variation by including

block �xed effects, but to do so in Table 2 limits the sample too much since two homes on the same

block being purchased in the same quarter is relatively rare. 15 Instead, we create two measures of

neighborhood homogeneity. In areas that are perfectly homogeneous, there can be no variation such

that households might prefer one hyperlocal area to another. In neighborhoods where, for example,

one row of houses is particularly nice and another is particularly run down or, for another example,

one row of houses is inhabited mostly by progressives while another nearby pocket is inhabited

mostly be conservatives, our assumption of random parcel assignment is more likely to be invalid.

15In a later test, presented in Section 4.4.2, we use a different control group that means we can include census block
�xed effects.
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Fortunately, we can observe this kind of spatial variation.

[FIGURE 2 HERE]

In Figure 2, we calculate the difference in the share of current residents af�liated with the

Democratic Party between the most and least Democratic blocks in the block group. We say that

the smaller this difference, the more homogeneous the block group. If it was the case that hyper-

local sorting was more prevalent in very heterogeneous neighborhoods, then we would expect to see

stronger (but spurious) results in those areas. However, our results are, if anything, strongest in the

most homogeneousblock groups, where the validity of our assumption is most likely to hold.

[FIGURE 3 HERE]

The analysis presented in Figure 3 is similar. Here, we calculate the interquartile range of

assessed house prices in each block group. That is, block group by block group, we calculate the

difference between the 25 th and 75 th percentile house price. When this difference is large, one part

of the block group may be nicer than another part, and block groups where this difference is the

smallest are likely the most homogeneous. Therefore, by focusing on those block groups where the

difference is the smallest, we can limit the sample to just those neighborhoods where we are most

con�dent that new arrivals are indifferent between speci�c parcels. As before, it is not the case

that the results are strongest in more heterogeneous neighborhoods. We view the very consistent

effect sizes in Figure 2 and Figure 3 as compelling evidence that our results are not driven solely

by hyperlocal variation, at least insofar as hyperlocal variation is manifested in hyperlocal political

segregation or house price dispersion.

4.2.3 Robustness to Sample Selection and Model Speci�cation

Next, we acknowledge that by choosing just two speci�cations in Table 2 and two speci�cations Table

3, we are making decisions that are “defensible, arbitrary, and motivated” (Simonsohn et al., 2020).

To address this concern, we follow the direction of Simonsohn et al. (2020) and conduct a speci�cation

curve analysis, presented in Figure 4.

[FIGURE 4 HERE]
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The key modelling assumptions we make in our main test are how to limit the sample, which

control variables to include, and what geography and time �xed effects to use. The main sample

is that used in Table 2, the full sample is the same as the main sample but without the sample

restrictions, 16 and the matched sample is that used in Table 3. In Figure 4, we re-estimate our effect

of interest using 164 different speci�cations. The consistently positive and signi�cant estimates

illustrate the robustness of our main result to these modelling choices.

4.3 Timing of Current Residents' Move-Outs

Our next test investigates the timing of move-out decisions. We repeatedly estimate Equation 1 as in

column (2) of Table 2 but vary the dependent variable. Instead of estimating the effect on move-out

within two years, we investigate the effect on move-out within one quarter, within two quarters, and

so on. We then plot these estimated coef�cients in Figure 5. Note, by construction, this test no longer

drops households that move out in the quarter immediately after getting a new nearby neighbor. As

a result, the coef�cient estimate when the dependent variable is move-out within eight quarters (or

two years) will not match the result from column (2) of Table 2.

[FIGURE 5 HERE]

We �nd that the estimates increase in magnitude and signi�cance over time. Our interpretation

is that the repellent effects of an opposite-party nearby next-door neighbor take time to materialize.

We propose two likely explanations. First, current residents take time to learn about their new

neighbor's type. They might not know immediately if the new neighbors believe that wearing masks

during a pandemic infringes on First Amendment rights, or if anybody driving a non-electric car

should be treated with contempt. Second, even if current residents have learned enough to know

they want to move, it takes time to actually realize that preference since listing their current home,

selling their current home, and �nding a new home all require signi�cant time and other transaction

costs.

We further view this result as evidence largely inconsistent with a gentri�cation or hyperlocal

amenity alternative explanation. If there was some hyperlocal amenity that was attracting those

16The sample restrictions drop small blocks, residents who do not live through an election, residents who have not lived
in their homes for at least a year, and residents who move out in the quarter immediately following the new nearby
neighbor's arrival.
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af�liated with one party to a very local part of the neighborhood while pushing away those of the

other party, then we would not expect to see this time lag. Rather the attracting and repelling

forces of the hyperlocal amenity would operate equally on both parties such that the opposite-party

neighbor effect would be immediately and spuriously positive. But this is, of course, not what we

�nd.

We cannot conduct a standard pre-trends analysis in Figure 5 since our sample, by construction,

is composed of only current residents who get new nearby neighbors. Households that moved out

prior to the arrival of the new neighbor's arrival are therefore, not in the sample. Put another way,

the “pre-trend”, were we to graph it, would simply be a �at line on the x-axis since, by construction,

none of the households in our sample sold their homes before the new neighbor's arrival. Instead,

we propose a test that has the same motivation as a pre-trends analysis and takes advantage of the

signi�cant frictions in the residential real estate market, namely the time it takes to list a home and

sell it. We assume that from the time between when the current resident decides to move away and

the closing on the sale of their home (which is what we observe in the deeds data) is at least several

months. Therefore, move-outs we observe immediately after the new nearby neighbor's arrival are

unlikely to be caused by the new neighbor themselves.

[TABLE 4 HERE]

We explore this falsi�cation test in more detail in Table 4. If getting a new nearby neighbor

af�liated with the opposite party was correlated with some hyperlocal amenity change that was

attracting households of one party while pushing away those of the other, then we would expect

to see a (spurious) immediate “effect” of the new neighbor's arrival. But, similarly to a parallel pre-

trend, we see no signi�cant difference between the move-out rates of residents who got opposite party

nearby neighbors and those who did not. The �nding that a signi�cant difference does materialize

eventually is, instead, consistent with the new neighbors, themselves, mattering.

4.4 Distance to the New Neighbor

In this subsection, we re-estimate our main model, but allow the effect of getting a new opposite-

party nearby neighbor to vary based on how close, precisely, the new neighbor lives to the current

resident. If changes in local amenities were systematically pushing away some types of residents,
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we would expect all current residents who get opposite party nearby neighbors to be similarly (and

spuriously) affected by the arrival of the new neighbor, regardless of precisely how nearby the new

neighbor lives.

4.4.1 Using Variation in Precisely How Close the New Nearby Neighbor Is

We begin by revisiting Table 2 and investigating how the results vary by the precise distance between

the current resident and the new nearby neighbor.

[TABLE 5 HERE]

To create Table 5, we calculate the distance between current residents and their neighbors and

discretize that difference into three categories. We �nd that it is especially at parcels where new

opposite-party neighbors live very, very close by (less than .015 miles or 80 feet) that current resi-

dents are more likely to move away after the new neighbors arrive. In column (4), we estimate our

model on the full sample and interact the main effect with the distance categories and reach the

same conclusion as in columns (1) through (3). If changes in local amenities were systematically

pushing away some types of residents, we would expect all current residents of the affected party to

move away, regardless of precisely how nearby the new neighbor lives, but this is not what we �nd.

Instead, the result in Table 5 is more consistent with current residents preferring not to live very

nearby to neighbors af�liated with the opposite party, but a buffer of 80 feet or more being enough to

limit the negative effects.

4.4.2 Compared to Same-Neighborhood Neighbors

Next, we adjust our main strategy by changing the control group. In this test, we compare households

who got new nearby neighbors of the opposite party to other households of the same race and party

and on the same census block (as opposed to block group) who did not get new nearby neighbors. In

other words, we compare otherwise identical households that vary only in how far away they live from

the same new opposite-party neighbor. One lives immediately next-door or two-doors down while

the other lives just on the same block. This strategy has the further advantage that, by relaxing

the requirements for being a control household, the sample gets much larger and the model can

therefore accommodate an especially �ne block-level �xed effect. This helps rule out the hypothesis
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that getting a new opposite-party neighbor is correlated with hyperlocal neighborhood attributes

that push away or attract similar households since the proposed hyperlocal amenity would have to

have differential affects on households located within the same block.

[TABLE 6 HERE]

We present the results of this test in Table 6. There are several noteworthy �ndings. First, the

main effect is economically and statistically signi�cant. In column (2), treated households are 0.332

percentage points, or 5.5%, more likely to move out within two years than other households on the

same block who live slightly farther away from the new neighbor. Second, the results are very similar

regardless of whether the geography �xed effect is at the census block group or census block level.

This further suggests that our results are not driven by variation in block characteristics within a

block group. In columns (3) and (4), we restrict to a one-to-one match. The results after this sample

restriction are similar to those estimated in columns (1) and (2).

5 Evidence Supporting an Affective Polarization Mechanism

We view the evidence presented so far as suf�cient to con�dently reach our �rst conclusion: that

neighbors themselves, over and above their correlation with neighborhood-level amenities, matter

for current residents' relocation decisions. In the next section, we provide more evidence that the

speci�c characteristic that matters, political af�liation, is not merely correlated with some other

characteristic – like race or income – but is itself a salient characteristic.

5.1 Current Resident and New Neighbor Partisanship

First, we explore the heterogeneity of our effects over variation in partisanship of the current resi-

dents and their new nearby neighbors. Our samples have so far included all residents who got new

neighbors, regardless of how politically engaged they are. Among the sample of registered voters,

though, some people identify with their registered political party more than others and also dislike

members of the opposite party more. In other words, if our hypothesis of partisan-fueled sorting is

correct, we would expect to see that more partisan neighbors have stronger effects on surrounding

households. To measure how intensely people af�liate with their party, we turn to the voter his-
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tory �les. We can observe every election each voter participated in, and we therefore can create a

time-invariant measure of partisanship based on the election data in our sample period. We classify

voters as partisan if they participated in more than 75% of the federal elections in which they were

eligible to vote. Participation is affected by many factors, but our motivation for this proxy can be

summarized as follows: Registered voters who vote frequently are more likely to be especially parti-

san.17 We then re-estimate our main test on different subgroups of current resident and new nearby

neighbors. The results of this analysis are presented in Table 7.

[TABLE 7 HERE]

In columns (1) and (4), we compare current residents who got new nearby neighbors who were

non-partisan to those we tag as partisan. In column (1) we �nd that current residents, on average,

are unaffected by new neighbors if those new neighbors are non-partisan. Note that these new

neighbors are, as before, af�liated with the opposite party. Our interpretation of this null result is

entirely consistent with neighbors themselves mattering. In this case, the characteristic of interest –

political af�liation – is unlikely to be especially salient to the new neighbor's surrounding residents,

so, naturally, the current resident's are unaffected by it. In contrast, in column (4) we look at just new

neighbors who are partisan. Here we document a large and signi�cant effect. The average resident

is 1.025 percentage points or 15.6% more likely to move after getting a partisan new neighbor of the

opposite party compared to a resident who got a partisan new neighbor of the same party (unaf�liated

voters are very rarely classi�ed as intense).

In columns (2), (3), (5), and (6) we also take subsamples of current residents. Here we show in

column (5) that the effects of new partisan neighbors are especially strong on non-partisan current

residents. One interpretation is that households who would rather ignore politics entirely especially

dislike living nearby people of the opposite political af�liation when those households are also es-

pecially likely to make their feelings known. In column (6), when both households are partisan, we

estimate a statistically insigni�cant effect, but the large standard errors may be the result of a rel-

atively small sample size. When we move on to a fully interacted model in column (7), we �nd that

while living nearby to partisan households makes all current residents more likely to relocate, the

17This claim is supported by survey data from the Pew Research Center: https://www.pewresearch.org/politics/2014/06/12/section-
5-political-engagement-and-activism/.
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effect is especially strong when both the current resident and the new neighbor are partisan. Column

(7) further suggests that the effects of column (6) may be stronger if higher powered.

[TABLE 8 HERE]

Our proxy for partisanship has two important limitation. First, prior work has shown that resi-

dents' political decisions are endogenous to their neighbors' political decisions. Speci�cally, residents

are more likely to be politically active when surrounded by same-party neighbors (Perez-Truglia,

2018; Perez-Truglia and Cruces, 2017). Second, our proxy assumes that partisanship does not change

over time. To provide further evidence on the importance of partisanship, we adjust our measure to

be a function of only those participation decisions made prior to the new nearby neighbor's arrival.

Speci�cally, we classify current residents as either “voting”, if they voted in the most recent federal

election before the arrival of the new neighbor, or non-voting, if they did not. Note, since we cannot

observe the prior participation decisions of arrivals, this new measure only applies to current resi-

dents. We conduct this analysis in Table 8. The main takeaway from this analysis is mostly the same

as before: Current residents are affected most by new neighbors who are highly partisan.

These results argue for the importance of political af�liation and affective polarization as neigh-

bor attributes. Speci�cally, current residents dislike living near those af�liated with the opposite

party, something that might only be known of households who are the most partisan. These re-

sults also help us rule out the unobserved hyperlocal amenity explanation for our main result. If

political sorting was just the result of changes to local neighborhoods that attracted certain types

of people and pushed away others, such neighborhood effects would have to channel only through

new residents who frequently vote. Therefore, we interpret these results as evidence consistent with

an opposite-party neighbor effect that is driven, at least in part, by political polarization and the

hostility with which some party af�liates treat those associated with the opposite party. Partisan

residents themselves are no more likely to move away – they are the ones with the strong beliefs.

What drives the average effect is people �nding themselves living next door to others who (i) have

different views, preferences, and behaviors and (ii) make it known.
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5.2 Changes Over the Time Series

Our �nal tests are motivated by the growing importance of political polarization and affective po-

larization in the United States. We are interested in whether the effect of nearby opposite-party

neighbors increased in more recent years. To test this, we estimate equation 1 after splitting our

sample into an earlier (2006-2009) and a later (2010-2013) period. 18

[TABLE 9 HERE]

Table 9 presents the result. In the subsample analysis, presented in columns (1) and (2), we

see that the effect is not statistically different from zero in the earlier period but becomes so in the

later period. In column (3), we use the full time series and �nd that the effect of getting an opposite

party neighbor approximately doubles in the later period, though the estimates are not statistically

signi�cant at conventional levels. Modelling assumptions aside, we believe the results in Table 9

are more consistent with neighbors and their politics mattering than the alternative hypothesis

that getting opposite nearby neighbors is correlated with changes in hyperlocal amenities. To the

best of our knowledge, there is no empirical evidence that the importance of hyperlocal amenities

to residential relocation decisions has changed between the 2006-2009 and 2010-2013 time periods.

Instead, since affective polarization is on the rise, the fact that we document an increase over time in

the effect of getting an opposite-party nearby neighbor is more consistent with a distaste for nearby

neighbors at the other end of the political spectrum.

6 Conclusion

We build a parcel-level panel data set that includes rich homeowner demographic characteristics,

including political party af�liation. Using a novel identi�cation strategy, we show that current resi-

dents' relocation decisions are affected by their nearest neighbors. Speci�cally, current residents are

between 5.4% and 7.8% more likely to move out within two years of the arrival of a new opposite-

party neighbor in a house either next-door or two-doors down compared to other current residents in

the same census block group who also got new nearby neighbors, but whose new neighbors were not

af�liated with the opposite party. Our contributions are twofold. First, we provide clean empirical

182005 is omitted to ensure an even split based on years and federal elections.
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evidence in support of Schelling (1969) that immediately adjacent neighbors and their characteris-

tics affect relocation decisions. Second, by investigating the role of a new characteristic, political

af�liation, we contribute novel evidence of affective polarization's importance for real economic deci-

sions in the United States. Our work suggests that observed increases in political segregation might

be driven, at least in part, by households selling their homes and moving away from opposite-party

neighbors.
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